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Distributed Cooperation scheme for Multi-Objective Optimization

TOMOYUKI HIROYASU," MITSUNORI MiIKI,# TAMAKI OKUDAft
and SHINYA WATANABE't

In this paper, we propose a new distributed scheme of Multi-Objective Optimization Prob-
lems (MOPs), for diriving widespread non-dominated solutions. The proposed scheme is
called Distributed Cooperation scheme. In the proposed scheme, there are several sub popu-
lations. One of them is for searching for Pareto optimal solutions by Multi-Objective Genetic
Algorithm, and the others are for searching for an optimum of each objective function by
Single-Objective GA. Each sub population does not.search by oneself, but in cooperation
with others. that is the cooperative search, this consists of the exchange of the best solu-
tions and the dynamical adjustment of each sub population size. In this paper, The effective
Multi-Objective GAs are combined with the proposed scheme, and these are applied to some
MOPs.
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