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Multiclassification by Pairwise Negative Memberships

Hidetoshi Tanaka!

Abstract Multiclassification problems are often binarized into pairwise classifications in order to utilize basic
classification methods such as support vector machines (SVM). Instead of the popular aggregation by fuzzy
logical product, we propose a simple aggregation called double negative aggregation, where the membership
functions use the margin areas of SVM discrimination functions, and the memberships of the negative votes of
the class are accumulated to produce the negative membership of the class. This method provides consistent
results with basic pairwise memberships, enumerates candidates when the total membership of multiple classes

are nearly equal to each other, and needs small computational cost in class reconfiguration.
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