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A video self-diagnosis method by using pattern recognition

NoBuyosHI ENoMOTO 1t \KEI TAKIZAWAT
and YASUHIRO TANIGUCHItt

This paper presents a diagnosis method for video sequences in general condition.It is sup-
posed hard to point out which factors in these video sequences are dominant to prevent object
recognition. To solve this problem, a diagnosis system is learned by using non-linear clustering
and discriminant analysis for sampled video sequences which show “Normal” or “Abnormal”,
and discriminates unknown inputs. To regularize our system to unknown inputs, we propose
to decide number of clusters by AIC. By the test with video sequences captured on domestic
roads, the proposed method classifies the sequences with over 94 % rate in 100 times faster

than the normal k-NN method.
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