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Automatic topic extraction from a large number of documents is useful to figure out an
entire picture of the documents or to classify the documents. Here, it is an important issue
to evaluate the automatically extracted topics, however, even if manually-labeled documents
are obtained, it is impossible to compare automatically and manually derived topics due to
complexity and uncertainty of the topics’ structure. As the objective is vector representable
topic extractions such as Latent Semantic Analysis, in this paper we tried to evaluate the
interpretability of automatically extracted topics using the manulally-labeled documents.
We validated the proposed evaluation method using topics extracted from Japanese and
English news articles.
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