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Abstract
In the research field of text classification, classifying papers requires the body of the papers so far. When we look for some

kind of papers on the web, we can obtain downloadable abstracts freely in general. But we cannot use the conventional text
classification methods to make sure of the necessary paper, because we have just the abstracts without their bodies.
Therefore we propose a paper classification system using just abstracts. We adopt LVQ, a pattern recognition technique, to
implement a paper classification system. In this paper, we show our system can classify papers efficiently by abstract.
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