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A Generative Model for Diverse Katakana Variants
based on English Phonetic Orthography

HIROYUKI HATTORI,t KAZUHIRO SEKIH and KUNIAKI UEHARA'#t

In Japanese orthography, there is often more than one way to spell a phoneme sequence.
This is especially true for katakana words which are typically transliterations from foreign
languages. For example, “Los Angeles” can be written as “rosuanjerusu,” “rosanzerusu,”
or “rosuanzerusu” in Japanese; they all are considered legitimate. This ambiguity becomes
a critical problem for automatic processing when those variants need to be associated with
the same concept. To deal with the problem, this paper proposes a novel approach to pro-
duce katakana variants for a given katakana word based on a generative model that considers
phonetic orthography of the original language for the given word. The proposed model is
empirically evaluated based on the variants it generated. It is also shown that the model is
beneficial for information retrieval systems when applied to query expansion.
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Fig.1 Possible partitions for “d-i-t-e-e-r-u”.
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Fig.2 Possible English phonemes for “d-i-t-e-e-r-u”.
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Table 2 Words for evaluations and its results.
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Fig. 3 Recall-precision curves for NTCIR dataset.
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