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Detecting singularity of behavioral frequencies in the foreign exchange market:
Transmission and synchronization of their singularities

AKI-HIRO SATO!

Singular behavior of market participants in the foreign exchange market — quotation frequen-
cies rapidly increase for a short period — is found. A mathematical method to automatically
detect the rapid increases from multi-dimensional time series of quotation frequencies and
computational technique to both visualize and quantify transmission and synchronization of
them are proposed. By means of the proposal method for 46 kinds of currency pairs consisting
of 24 currencies visualization and quantification of singular behavior in the foreign exchange
market is conducted. The relationship between synchronization of this singular behavior and

similarity structure among quotation frequencies is calculated.
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