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Abstract: This paper describes computational results for k-clustering algorithm using random
sampling technique [3]. By computational experiments, first, we show that small size of samples
are actually enough for 2-clustering problem. Then, we apply this algorithm to k-clustering
problem in a recursive manner and use the output as an initial solution of the existing local
improvement technique, called k-means[5]. We compare the result with another variance-based
algorithm [9] which is commonly used. By the experimental result, we see that, when k is small,
the randomized algorithm performs better on the average and more robust than variance-based
algorithm. As k increases and k-means iterations are performed, the difference among these two
methods becomes smaller. We also apply our algorithm to color quantization problem.
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