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Structure Prediction of Protein by BOA with parallel network construction
NAOYA MURAO , MASAHARU MUNETOMO Tt and Kivosar AKAMATT

Bayesian optimization algorithm (BOA) is an advanced optimization algorithm that effec-
tively solves GA-difficult problems in which it is difficult to ensure tight encoding. BOA con-
structs Bayesian networks based on probabilistic distributions of current promising solutions,
and generates next population based on the obtained networks. However, computational cost
of the estimation depends on the problem size, and is known the calculation cost increases
rapidly along increasing the problem size. In our previous study, we proposed a BOA with
parallelized Bayesian network construction. In this paper, we try to solve proteins structure
prediction problems that minimize the structual energy by employing BOA with the parallel
network construction, and investigate the effectiveness of our approach.
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