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Abstract
Performances of collective communications depends on the algorithms. that construct them.

This research introduces a technique that efficiently selects the best algorithm at runtime
efficiently by using performance model of each algorithm to reduce the number of candidates.
The results of experiments on four parallel computers showed that the technique could select
the fastest algorithm in most cases. Those results also revealed that in relatively large
message sizes, the reduction of candidates with performance models could decrease the cost
for selecting algorithm.
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