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Abstract  This paper describes a novel equivalence checking method of combinational circuits,
which utlizes relations among internal signals represented by binary decision diagrams. To verify
circuits efficiently, proper set of internal signals that are independent with each other should be
chosen. A heuristic based on analysis of circuit structure is proposed to select such a set of internal
signals. Experimental results using ISCAS’85 benchmarks demonstrate how the proposed method
is effective. It proves equivalence of two circuits with 3000 gates in 20 seconds on SUN-4/10.
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