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ID_Name FHM AR
00_Healthy (HE) 16,023 5,576
01_Powdery Mildew (PM) 7,764 1,898
02_Gray Mold (GM) 643 167
03-Anthracnose (ANT) 3,038 7
08_Downy Mildew (DM) 6,953 2,579
09_Corynespora Leaf Spot (CLS) 7,565 1,813
17_Gummy Stem Blight (GSB) 1,483 374
20_Bacterial Spot (BS) 4,362 2,648
22_Cucurbit Chlorotic Yellows Virus (CCYV) 5,969 179
23_Mosaic Diseases (MD) 26,861 1,676
24 Melon Yellow Spot Virus (MYSV) 17,239 1,004
Total 97,900 17,991
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ID_Name baseline all-train fine-tuned #REFEE (p=0.7)
00_HE 7.7 76.0 78.3 79.5
01-PM 69.1 81.2 78.0 80.0
02.GM 3.8 62.5 67.6 85.4
03_ANT 34.6 44.6 35.0 65.0
08_-DM 67.9 82.8 84.4 86.8
09_CLS 60.6 69.8 81.1 78.7
17.GSB 30.5 60.6 64.0 79.2
20_BS 1.7 56.7 77.0 78.9
22_.CCYV 61.6 68.5 59.7 79.3
23_MD 58.9 52.1 58.0 65.9
24 MYSV 58.1 58.7 69.5 70.0
macro-avg. 47.7 64.9 68.4 77.2

(+17.2)  (+20.7) (+29.5)

5 &HHDHIC

DI DRSO T — & % FEEENE A S 5 R
Rredired 5T, ZkttREom LR XN,

HIEE

AW, BMKESBERIE 027 MK
JP17935051 72 5 TN, NENE RFFRHEEREILKR
725 . PRISM Ol %3213 7=.

SE

[1] Y. Toda and F. Okura, “How convolutional neural networks
diagnose plant disease,” Plant Phenomics, 2019.

[2] S. Shibuya, Q. H. Cap, S. Nagasawa, S. Kagiwada, H. Uga, and
H. Iyatomi, “Validation of prerequisites for correct performance
evaluation of image-based plant disease diagnosis using reliable
221k images collected from actual fields,” in AI for Agriculture
and Food Systems, 2022.

[3] E. Hoffer and N. Ailon, “Semi-supervised deep learning by met-
ric embedding,” arXiv preprint arXiv:1611.01449, 2016.

[4] M. Tan and Q. Le, “Efficientnetv2: Smaller models and faster
training,” in International conference on machine learning.
PMLR, 2021, pp. 10096-10 106.

[5] J. Deng, W. Dong, R. Socher, L.-J. Li, K. Li, and L. Fei-Fei,
“Imagenet: A large-scale hierarchical image database,” in 2009
IEEE conference on computer vision and pattern recognition.
Teee, 2009, pp. 248-255.

Copyright ©2024 Information Processing Society of Japan.

All Rights Reserved.



