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Tablel. BFZEEFf] & FEBRIFD /T A —
IRTA—H 4 W e PR SR P

TEENT A —H a 0.1 0.1~1.0
FENRT X —H b 0.05 0.1~1.0
I RT A= ¢ 0.09 0.1~1.0
BIRMEARE RT A =4 d 25.0 25. 0, 50. 0, 75. 0, 100. 0
PALRMEZE R N T A — 4 e 50. 0 25. 0, 50. 0, 75. 0, 100. 0
PALRYEZR R N T A —H £ 1.0 0.1~1.0
PALRPEZR R N T A —H g 1.0 0.1~1.0

HORE AT A—=Fh 0.1 0.1~5.0
HOEBARIA—Hi le—6 0.1~5.0

35 EER2HVFxaTLFE

FER LI L T8I A= Ol 255D 74k
BCHE LG a2~ 7 VNEEREK
DEFH/NTA—=Z 2O LIOIREETITH. R
EEIIZIE, FEBR 1 THWEZHEE XT A —% abe
IZ X DA OBREMOME LTS L, ZhE
NORENRAWINCET VAT 5. 54F
TEENENEREGT DL THREZEMA LT
UWNTEAS, JRNL SETOIRRE TORGEE~D R A i
D, BFFELREZ R UBREZTT D . E
BREATFIZFER 1 EREMEOET VEHNTITS
7z
40BHYIC

K SLTIENT A =R L DA ~D L
FHUCRDETNN~DEELFEL, FA7IT
LOBBERETNERE L. A-OME LM
HEDPEDLZEICIDROMHENER ZARHO
ERTHRL, HRETARLHAZITHLTY
BWHTED L DITHEEL T &0,

%23k
[1]GeoffreyHintonVinyals,andJeffDeanOriol:"Distilli
ng the Knowledge in a Neural Network™, International
Conference on Neural Information Processing
Systems,pp.1047-1055 (2015)

[2] L. Zhang, J. Song, A. Gao, J. Chen, C. Bao, and K.
Ma, “Be Your Own Teacher: Improve the Performance
of Convolutional Neural Networks via Self Distillation,”
Int. Conf. Comput. Vis., (2019)
[3]LiyuanSunGou,LanDu,DachengTaoJianping:"Colla
borative Teacher-Student Learning via Multiple
Knowledge Transfer™,(2021)

Copyright ©2023 Information Processing Society of Japan.
All Rights Reserved.



