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method Accuracy Edit-score F1@10% F1@25% F1@50%
MS-TCN 90.06 95.95 9597 9399  88.12
MS-TCN++ 89.98 9595  96.17 9445  88.11
ASFormer 91.33 96.99  97.16 96.29  90.66
UVAST 90.43 96.76  96.78  95.24  88.86
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