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# 1. (R Typel YT AT LD ) —FR

PERE D FEAR

CPU Intel Xeon Gold 6230, 20 =27,
2.10 - 3.90 GHz X 2 VY7 > b

GPU NVIDIA Tesla V100 (Volta) SXM2,
2,560 FP64 =7, upto 1,530 MHz X
4 V7’7 b (4GPU)

AE | AA 2 AEY (DDR4 2933 MHz) 384
) GiB (32 GiB X 6 # X 2 Y4 v
R), T34 2 XFE Y (HBM2) 32 GiB
X 4 V> bk (4GPU)

PR | f2KSEE 33.888 TFLOPS (CPU 1.344
W% | TFLOPS X 2 Y4 > |, GPU 7.8
MERE | TEFLOPS X 4 Y4 v 1)

GPU i NVLINK2 (1GPU 7> ftho> 3GPU (Zxf LT
R FIEFL 50GB/s X M7 1A])
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def main():
(Hh )
mp. spawn (run, nprocs=n_gpus, args=(n_gpus
hps, ))
for epoch in
hps. train. epochs + 1):
timecounter = time. time ()
if rank==0:
train_and_evaluate ( (#%) )
else:
train_and_evaluate ( (%) )
print (time. time () — timecounter)
scheduler_g. step()
scheduler_d. step ()

range (epoch_str,
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