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Examination and estimation of the branch predictors
using pattern matching pursuing excellent prediction accuracy

SHINYA TAHARA' and KENJI KISEt

High performance processors demand a high accurate branch prediction. A lot of techniques
have been investigated to improve the prediction accuracy so far. The branch predictions us-
ing pattern matching achieve one of the best prediction accuracy abobe all. In this paper, we
forcus the pattern matching and pursue excellent prediction accuracy. We propose to use the
program counters and the behavior of branch instructions and to consider the pattern length

at pattern matching.
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