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from numpy import random, cos, pi, sort, newaxis
from sklearn.metrics import mean_squared_error as msg
import matplotlib.pyplot as plt

from sklearn.tree import DecisionTreeRegressor as dtr

random.seed(0)

true_fun = lambda X: cos(1.5 % pi * X)

X_train = sort(random.rand(30))

y-train = true_fun(X_train) + random.randn(30) * 0.4

clf = dtr(). fit (X_train [:,
print w JI#EAZE:" ) # 0.0
print mse(y_train, clf.predict(X_train [:, newaxis]))

newaxis|, y-train)

X_test = sort(random.rand(30))

y-test = true_fun(X_test) 4+ random.randn(30) % 0.4
print w MALERZE: ") # 0.41980081569

print mse(y_test, clf.predict(X_test [:, newaxis]))
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from numpy import random, cos, pi, sort, newaxis
from sklearn.metrics import mean_squared_error as msg
import matplotlib.pyplot as plt
from malss import MALSS

random.seed(0)

true_fun = lambda X: cos(1.5 % pi * X)

X_train = sort(random.rand(30))

y-train = true_fun(X_train) + random.randn(30) * 0.4

clf =MALSS(’regression’).fit(X_train [:, newaxis], y_train )
print w JIHEGE T, # 018385399836

print mse(y_train, clf.predict(X_train [:, newaxis]))

X_test = sort(random.rand(30))

y-test = true_fun(X_test) 4+ random.randn(30) % 0.4
print w MALERZE: ", # 0.229647776708

print mse(y_test, clf.predict(X_test [:, newaxis]))
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