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model Test data| CER[%] [+LM CER[%]
(1) Fine-CM CM 23.29 20.93
2) Fine-CM ™ 38.86 43.79
3) Fine-TM CM 26.74 24.87
4) Fine-TM ™ 25.86 24.23
(1) | Fine-CSJ-CM CM 11.57 —
(2") | Fine-CSJ-CM ™ 29.3 -
(3" | Fine-CSJ-TM CcMm 13.72 -
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