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Developing and Opening a Dataset for Cataloging
Image-based Digital Archives

Abstract: The Digital Transformation (DX) is being promoted by Japanese government as their major gov-
ernmental policy. As DX is penetrated, various records in digital formats are expected to be multiplied. It
is becoming more important to organize such digital records to be ready for access easily and immediately.
Cataloging, which assigns metadata (catalog) to records, is an effective way for record management. While
a catalog is selected from a predifined thesaurus for a collection, cataloging a record, which do not have
any thesauri, is requested to fufill future demands. In this study, we developed a dataset to develop and
evaluate a system which assign Wikipedia entries instead of thesaurus to a record consisting of an image and
keywords. We report the development of the dataset and our activity of promoting the use of it.
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I’ Y & y Albatross
| albatross i , of the biologi
- ! family Diomedeidae, are large
| Y seabirds related to ...
i galapagos |,

1

i .
-

W

f
3 ]
* ./ Galapagos Islands
e — The Galdpagos Islands (official
name: Archipiélago de Colon, ...),
part of the Republic of Ecuador, ...
|

D

a large twil dial engine
amphibious flying boat that was

(USAF) ...

f
Q *" 3

‘)/ Grumman HU-16 Albatross
The Grumman HU-16 Albatross is

used by the United States Air Force

Input data: an image and assigned tags

B 1 g BERERERE O AT R o 6.

B —2INT2hE0 TR T AEREEBEE T
5. R7OEEFL LT, 1 Tl&, A4 &7 ‘albatross’
2, ANEOBOEERY, TORTHROEENTE XN
5. ZOXOIREBRLXTE, MIET 5>V — 7 ZIHIED
5 Z e TERETHBRL, A& ulrd5. BEENIC
i, Hifr X7DOR7EANE LT, X720 4 FXT4
7 OIEENTO T & 5 2 3R (X ZBERIEEE) 29% 5.
X 112, X7EHREBRBEOATEXNIEY 4 FXRT 4 77
HEFIRLTWD., ZODRRZEBRAFTIIIGLT, At
& 7 ‘albatross’ %, 74w KU (‘Albatross’) TRITHED
£7L (‘Grumman HU-16 Albatross’) ZRSfJi1r% Lo
5.

ARETIE, X TEREMRN S X7 LT R CFHio 72
DIHE LT -2ty NEANTS. EBEEEY A b
Flickr *270 & X4E U 7= 420 HE D E{%R, B X 2 2,464 I
DWTIERY 4 ¥RT 4 7iiHEx, AFTHEMNS L.
AF—Xt v biE, Mendeley Data TRBH & THD,
HTHIRCHAFRETDS. ZoT7—Xty ML, &7
BERRTE RIS > A 7 2 DMEEE - FHEC IR T, [k L7247
BET R EHMBNENEEN TV S 2D, X hffidrn
DY 5 R WG LTEBG S 2T L OFHIiIC D v
5ZWARETH 5.

AREEDOHRIX, ROMEYTH 5. 5 2 HiCBIEMIRIC
DWTHHICE L » 5. & 3HTIE, 7—Xtv bOIEK
RUOHELLT—2ty bOFHEEITS. 5 4 HiTlE, &
TEREFREFIEDOR—R T 4 VFE e FEOFH 5 1R
DWCHIAT 2. H 58T, 7%ty bONE (F—
2Ry Tar 7 L) OBNET 5. 5B 6HT, RNfigrE
L5,

2. BEEMRE
TNV aA— RN TEh R 5, HELa—

*2 https://flickr.com
*3 https://data.mendeley.com/datasets/msyc6mzvhg/1
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Output: a wikipedia article
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*4 https://en.wikipedia.org/wiki/List_of_animal names
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*5  https://solr.apache.org/
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REEMC LT, HEMATEZ L THET I FETHS. F
# 1T, BRI EGEN 222 712DV T, word2vec [5]
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D:tase‘t root data
irectory
topics.tsv  rels.tsv image_URL.tsv enwiki_20171001.xml
img
01 L 14
o
) 01.jpg
results
bm25 method1 method2
XXX.json
scripts.ipynb

B4 F—Xty D74 L7 YEEE

51 7—R7T«1LV kY

T—&7 4127 bV (data) &, =DDET 7 £ L& XML
7 7 AV EEL. £ (topics.tsv, rels.tsv, image_URL.tsv)
X, FTRUIDERDT7 > A L TH B, topics.tsv ik, F 1
WRT D HRERR X A, BERRIERRIE DX X 7 K O Hif§ &
B2 T2 7 s ANTHSE. ZOROD—[TE—H
B LTS, rels.tsvid, BT 21IEMY 4 FXRT 4
7 OERE F L DIIEREETH S, £ 21IRTHI, FHE
S, V4 XRT4 7 OiLHEAL URL oI 3.
image_URL.tsv 7 7 4 )W, EHR7 7 4 VL EHRB T v 7
0 — K XN 3 Flickr ® URL ZRFL, £ 31TR3505
RBHERTH 5.

XML 7 7 4 /b (enwiki_20171001.xml) &, FEEERR™Y «
FRF 4 TR TEHE, 1,210453 O RHE L, A% HE
32, 2017TF 10 ARKROY 4 IRT 4 7R T T —
R *6m e Python 74 72V, WikiExtractor *" % i\
THUR L 7=,

52 BEffRTF«sLI

571127 bY (img) &, EEHEHDOT 1L 27 FUT
B, AZVT N7 74, scripts.ipynb (38 5.4 fiZR)
DR va—RIur T2k oT, 420 fFOEHRHEN
ENB TV —AKRNAVKXTHS. img 74 L7 b UREER,
xx/yyipg EBRD, ATIVERIITITT 4L MY (xx)
DT, ZYEG (yy) 2T 5.

KT =&Yy ME, KEEER T — XX — 2 ImageNet [1]
L FEIMkIC, EVEEOBIS SHEIG Y » 4 VERORETI
%<, URL KUK vu—FrarsrxHET5.
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+ 1 topic.tsv 7 7 4L KO

Hl% 7= &R B

Topic BRE FREADHANE S

Query_label 375 BER RN R D & &7

All labels XFHDOY AL FECHIET 2 EGO XS

Image_file FA FEICI T AER T 7 4 L F

& 2 rels.tsv 7 7 4L XOFHH

S —xFA B

5
Topic AUl HE DA E S

Title X551 EfRY 4 ¥ RT 4 THFED XA PV
URL 3541 B 4 X7 4 7EHED URL

% 3 image URL.tsv 7 7 4 )L ROFiMH

BZIES @i 7 =g
Image file X535  E&7 7 414
URL XA Eif§ 7 7 41D URL

*6  https://archive.org/download/enwiki-20171001
*7 https://github.com/attardi/wikiextractor
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54 FOJ3LI771l
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%, Jupyter Notebook **7 7 A )L (scripts.ipynb) IZF ¥
» 3. Jupyter Notebook XA FRIRECTH D, BRI NIC
scirpts.ipynb ZEE T2 Z ¥ T, 7077 LDRERNE
ITOVEERBERATO Z ek 5. 513, scripts.ipynb
DAZYV =T ay bTHD, 7077 ADBFITAIRER
iR ENDE. ZDT7 74X, BHIRET A LDE
vra— R, N—=274 YFEOET, EFRHEROFTIMbGIC
ST 5 Python 710 275 ARFEENS.
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i 7 — &%ty FERE L. ERERHEFEEEO—K
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*8  https://jupyter.org
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= scripts.ipynb x

B + X T [ » = C Markdown v Python3 O

I 1. Preparation

1.1. Download ImageNet Class file

Iwget -P ./intermediate/ https://raw.githubusercontent.con/pytorch/hub/master/inagenet_classes. txt

1.2. Download Image Files from Flickr

# logger setting

from logging import getLogger, StreamHandler, DEBUG,WARNING
logger = getLogger(_name__}

handler = StreanHandler()

handler. setLevel (DEBUG)

logger. setLevel(DEBUG)

logger.addHandler (handler)

logger.propagate = False

Togger.warning('Hello')

import requests
inport bsd

from tine import sleep
import pandas as pd
import os

def url2ing_dump(image_id,url):
# Input

# image_id : The id of the image (ex. 01-03.img)

# url ¢ URL of the image (ex. https:/wmw.flickr.com/photos/28121598@N03/2989712567)
# output

# Save the image. (ex. "../animal_images/01/03.jpg")

directory =
nane_core =
extension = "jpg
file_path = directory +"/"+ name_core +"."+ extension

/img/" + image_id[:2]
age_1d[3:5]

if not os.path.exists(directory):
os.nkdir(directory)

5 Jupyter Notebook A7V —> 3 v k.

M, Mendeley Data i TR LTW2. S%OFFEL L
T, 7—&ty POBIRTE, X ZBERIEMRNS 2T 4
DOMREM LICEH 53 % X 512, FIASRERR O - 3
B, 25T MU ZFRMM LA EEsnB o h s,

BE X
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