
† † ‡

† ‡

 

[1]

 

[2]

 

Long short-term 
memory ( LSTM ) [3]

14
 

 
( 400 900lx)

(THETA V RICOH )
(TA-1 RICOH ) 14

( A N ) 11 ( 1
11 ) 1

50cm
11 Web

6 2
 

 
 

1

Dlib[4,5]

68

20

(
)

( )

 

 
Mel-Frequency Cepstrum Coefficient (

MFCC ) [6]

MFCC
MFCC

(0 ) 10
15 [6]

MFCC 0 19
 

 

1

 
 

LSTM [3]

100 ( 1.0 ) 50

Long short-term memory 
(LSTM)

Versatility of Speaker Identification Method Using 
Image and Voice Information 
Etsuro Nakamura†, Yoichi Kageyama†, Satoshi Hirose‡ 
†Akita University, ‡Japan Business Systems 

Copyright     2021 Information Processing Society of Japan.
All Rights Reserved.2-25

4C-03

情報処理学会第83回全国大会



LSTM

1 LSTM 100
Adam[3]

3.2 MFCC 1
 

 
LSTM

50
2

[7]

0.4
( )

 
 

 

 
 

1 8

 
 

4.2 LSTM

1 1

1

LSTM 10 100
10

 
 
2 MFCC

MFCC 2
88.9%

MFCC 2
100Hz

100Hz
 

MFCC 2

 
 

JSPS  JP19K12909
 

[1] 2019  
https://www.keidanren.or.jp/policy/2019/076.pdf (Accessed 
2020/12/21) 

[2] Microsoft: Azure Speaker Recognition,  
https://azure.microsoft.com/ja-jp/services/cognitive-
services/speaker-recognition/ (Accessed 2020/12/21) 

[3] DeepLearnimg
 (2018) 

[4] Dlib C++ Liblary, http://dlib.net/ (Accessed 2020/12/21) 
[5] Christos Sagonas, Epameinondas Antonakos, Georgios 

Tzimiropoulos, Stefanos Zafeiriou and Maja Pantic: 300 
Faces In-The-Wild Challenge: Database and results, 
Image and Vision Computing (IMAVIS), Vol. 47, pp. 3 18 
(2016) 

[6]  (2017) 
[7]  -

-  (2012) 

  
 1, 3, 7, 8, 10, 11 2, 4, 5, 6, 9 

A E 1-1 1-2 
D H 2-1 2-2 
G K 3-1 3-2 
J N 4-1 4-2 

 

 

0.0
20.0
40.0
60.0
80.0

100.0

0 2 4 6 8 10 12 14 16 18

(%
)

MFCC

88.9%

Copyright     2021 Information Processing Society of Japan.
All Rights Reserved.2-26

情報処理学会第83回全国大会


