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Lossy compression of matrices by black-box optimization

TADASHI KADOWAKI* MITSURU AMBAIP

Abstract: Black-box optimization, such as Bayesian optimization, is a method to find the input values to minimize or maximize
a black-box function by a limited amount of data acquired sequentially. Recently, several studies using Ising solvers have been
proposed for black-box optimization of combinatorial optimization problems with binary or integer inputs. We apply this method
to the lossy compression of matrices, called integer decomposition. Integer decomposition method is a general-purpose technique
for running trained models of machine learning on edge computing. Our proposal makes it possible to solve certain types of mixed
integer non-linear programming with Ising solvers.
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