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Visualization of Human Flow Changes in Entertainment Spots Using
OpenCV
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Currently, due to the changes in social conditions caused by the spread of Covid19 infection, the increase and decrease in the flow
of people in major downtown areas, tourist spots, and other entertainment spots have been focused on. These data are analyzed
from the accumulation of location information and sensor information from smartphones, but the use of this data is limited.
Therefore, we use the images of fixed-point cameras installed in each city, which are available on Youtube as open data, and analyze

the human flow using OpenCV, and reflect and visualize the real-time congestion in the 3D city model.
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Figure 1 ~ System Configuration Diagram.
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Figure 2 Execution Screen on Unity
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Image from a Fixed-point Camera (in Front of

Shibuya Station)

Figure 3
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Image from a Fixed-point Camera 2 (in Front of
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Figure 4
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Figure 3  Image from a Fixed-point Camera 3 (Shibuya
Miyamasuzaka)
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Table 1  Changes in the Acquired Human Flow (Shibuya).
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17:00 32 49 16 28 9 66
17:30 29 39 13 26 7 63
18:00 30 38 15 27 12 61
18:30 34 26 19 34 12 59
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