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Face Impression Classification in Cosmetic Counseling Using Deep
Convolutional Neural Network

MASAHARU KUROSAWA'"? HAYARU SHOUNO!

Abstract: In cosmetic counseling, the evaluation of facial impression by beauty experts plays an important role. In this study,
we used a deep convolutional neural network (DCNN) model to predict the impression evaluated by beauty expert from facial
images. We also used a transfer learning method with a large-scale face image dataset to achieve effective features of beauty
experts’ evaluation with a small amount of data. As a result, although the model's accuracy needs to be improved for practical
use, we conclude that the DCNN model can represent the unique evaluation of face impressions in cosmetic counseling, as
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provided by beauty experts.
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