BHRLEF SRR E
IPSJ SIG Technical Report

KREEBETHR RS AT LAD-AgreellHB T35

Vo0l.2021-GN-114 No.7
Vol.2021-SPT-42 No.7

2021/5/10

BERT ZFHW:=F@EYIRE 745 ) VI OEERLEDOWKREE

(i RV BRI LD g 21720

BE : RSB UHZHAVWERNENRE 74 VR ) V7O %R, EX 1 VERTOMBIZE T 5K
L% BEE U2 FIEOHM & TR FIE L OBMEHI DWW TRT. B4, SNS FORBIZHETHE
AR GO AEYRES OB KRERAEMEL > TWE., ZDRE, 2 —F—FALITHETS
k5 AVITA VDY T, FEYRSEBBNTHE UV BRAEHATHE 71 VR ) VI WE
BEHINTETCWS., 42z 0odhTH, 22—V —HLRTFANTHEMETOIA VIV TFA N
WHEBHZ LU, hTH, RIBROREFEHET I b I 4 —L LTHEAZEDTVWEA Y SA VY EDI S
7 R (Crowd) AT —NVOHERIET T Y N7+ —LD—DTH S KBEARILHE LTS AT s D-Agree
ZHHT 2. ARSEEWEZH WA EYFRES 7 1 VR ) VI ORITHIE TR E W ERE XN T
Wb, ARETIEETMRCN UL THFE T —X2BMT2 L2517, HARASHEUEE T I OBEIR L
L EN3 BERT 2H\Wz. EHMEIZEI G802 TS 55525 % 174 - 78R e, Th o % T
FHFEORERE %2 UBRET o7z,

D-Agree

Abstract: This paper presents a research on inappropriate remark filtering using natural language process-
ing, including details of the method aimed at improving accuracy in real online discussions and a comparison
with previous research methods. In recent years, with the development of social networking services (SNS),
the increase in inappropriate remarks, including slander, has become a major social problem. For this reason,
filtering, which is a system that automatically detects and removes inappropriate remarks, is becoming more
and more important for online sites where users interact with each other. In this paper, we focus on online
text discussion, in which users discuss with each other in text. We use D-Agree, the Crowd Discussion Sup-
port System, which is one of the online crowd-scale discussion support platforms that are attracting attention
as a next-generation democracy platform. Previous research on inappropriate remark filtering using natural
language processing has already reported high accuracy. In this paper, we add training data to the previous
studies and use BERT, which is considered to be a more accurate natural language processing model. This
paper discusses the results of the accuracy evaluation in terms of actual use, and compares them with the
results of the previous research methods.

Verification of Accuracy Improvement of Inappropriate Remarks
Filtering Using BERT in the Crowd Discussion Support System,
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