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Tablel  Data set R and its 3-anonymous generalization R’

R| 4, |4, % A, A,
71 | Masters | 35 r'y | Masters | [35-37)
7 | Masters | 36 r', | Masters | [35-37)
r3 | Masters | 36 r's | Masters | [35-37)
T3 11th | 28 r'y | Senior Sec. | [1-35)
5 11th | 22 r's | Senior Sec. | [1-35)
Te 12th | 33 r'e | Senior Sec. | [1-35)
Education Age
ANY [1-99)
— _— “‘\.‘_‘
Secondary Unl\;ersity (- ) [37-89)
T T —~
Junior Sec Senmr Sec. Bachelors Grad Ec_hool [1-35) [35-37)
11& 1\2th Mas’t:ar.s Dt;;iﬁrate

K1 Adult 7—%% v hd k-EAGIZHW D —fbAD
B
Fig. 1. Value generalization hierarchies for Education and Age
attributes of Adult dataset
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Table 2 Sample anonymized dataset with statistics of Qls
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P(11th)=0.66 | p=27.6
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Figure 3 The example of value generalization hierarchies for

Age and Occupation

© 2020 Information Processing Society of Japan

A
10 30 31 9

B
20 20 20 19 1

4 HIBRMEDMED 3 A fEHR DB

Figure 4 The example of frequency distribution for values
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Figure 5 Proposed Method
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Figure 6 (a) Classification Accuracy (Logistic Regression)
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Figure 6 (b) Classification Accuracy (Linear SVM)
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B 6 (c) /¥R (XGBoost)
Figure 6 (c) Classification Accuracy (XGBoost)
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Figure 6 (d) Classification Accuracy (LightGBM)
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Figure 6 (e) Classification Accuracy (GBC)
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Figure 6 (f) Classification Accuracy (Random Forest)
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