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Fig. 1 A flowchart of NBMF algorithm.
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Table 1 A matrix made from QUBO coefficients.

q1 q2 q3 q4 T qk
q1 | a1 b2 b1z bia - bk
g2 | 0 a2z b2z baa - bo
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Fig. 2 Training image data.
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Fig. 3 Test image data.
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Fig. 6 The structure of NBMF based on Neural Network.
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Fig. 8 Average accuracy plotted as a function of N.
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