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Abstract: With the spread of artificial intelligence (Deep Leamning) technologies and advances in hardware technologies, multiple
inference processes are becoming to be performed on a single device. As a result, a single GPU would be shared by multiple
inference processes. But due to sharing one GPU, its utilization efficiency is decreased by resource contention and duplication.
Therefore, a mechanism to manage and control GPU resource utilization in multiple inference processing is required to make
resource utilization efficient. Conventionally, there has been a technique which executes multiple processes in parallel on one GPU.
On the other hand, generally, an inference process is consisted of, a data load, a perform an inference, and an output result phases,
but if another process make an interfere during the inference phase, the processing time would increase. Therefore, in this paper,
we propose a technique to improve the efficiency of GPU utilization by managing and controlling resource utilization in units of
inference process. And, the effect was evaluated by an image processing application which uses an inference, and the efficiency

improvement of 1.6 times was achieved.
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BT 5.
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H 1.6 EDOANL—T b ERARER Z L AR TE .

LsUL7ei s, RPIETHE L 72 5 HER LB O AR5y
EHRUHT-0IC, BUR CIIHEmCHERQAE 2 ET Ll
EEITV, RIEEHDZERET 272008 X %25 50 Uik
DTBIBMERDHS. = GPU ~DE| D Y Tizon T
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