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Predicting “Menhera” Using Social Network Data
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Table 2 An Example of Table.
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FAMETETWS I ZRL, YA —ba—HFDS
074 —V%ANL, HESHEREZRME Y L. Random
Forest TFHIT 2 Z e AR OBBENE NI LR DH 5,

6.2 &R

AR TEBMH L 27— 2E, T#HRARS A LB
D720 R7EBBEBCHERLEZZEDHEABRXIANTD
HHEED > TVB EREL, VA —bEIELRN, 22
THIRIZRZDDBEAIT—XD7 ) 7 — 2 YIZDOWTT
b5,

THIRAFZALER D 2w R BBREIFERALEZ
CDOBHBZTHTEDYAL = ERAIUANTEARLTH
fiT — X TEXWhEINTH 3, bHBAAFRAED
WIRAE YA — 2L TWBbIFTIdRL., HEWNRY
A= 2FT22dD57255, 20D, FITHALA
BTRBZVYA =B AUATHDFT—& L LTHRbIRT
LEol, ZHOXRELTY A — MDOXEIZAEDETYS
074 —LXbANTEI LT/ 4RI L 7=,

AR TIERX AT % AR, FCBERREHD
LFRART L, WAIREBIZS AL TERVWHEDH
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RI7AB—%TELIIRXTEIPRETH D LIRNT
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x3 TR VA —-1r0ADHE
Table 3 Prediction Results of Only Tweets

Fik Class Accuracy Precision Recall F-measure
unigram Overall 0.70861779 — — —
positive | — 0.68355879  0.75819483  0.71894495
negative | — 0.73865857  0.66069104  0.69750275
BoW Overall 0.71816789 — — —
positive | — 0.70610758  0.73080179  0.71824249
negative | — 0.73065671  0.70595455  0.71809326
HEEDEEREL  Overall | 0.71045102 — — —
positive | — 0.72084828  0.68744104  0.70374842
negative | — 0.70096463  0.73348681  0.70374842
R4 TR Tr7 4 —AXEEDHE
Table 4 Prediction Results of Tweets With User Bio.
Fik Class Accuracy Precision Recall F-measure
unigram Overall 0.80655547 — — —
positive | — 0.83252941  0.76584151  0.79779427
negative | — 0.78457352  0.84699242  0.81458899
BoW Overall 0.85865012 — — —
positive | — 0.87843395 0.83138720  0.85426332
negative | — 0.84099251  0.88572754  0.86278054
HEBSHEB  Overall | 0.87019062 — — —
positive | — 0.90282486  0.82801360 0.86380246
negative | — 0.84284091 0.91188886  0.87600638
VA — b SEROERTRR Lz, BT 2 HEED T 3] neologd /mecab-ipadic-neologd: ~ Neologism dic-

MHRAYANT DRHEHABNTNS Z bbb, FTHIREE
WEHEE RO Z CEDORME ¥ LT Random Forest
TH¥E T3 2T accuracy 23 87.0%TH o7z, Z DGR
ME—EDY AL — b DBERXUANTONMERDIFZ Z M
TZE5LFR%,

RXAIUNTTHDZLEFRETIERL, WAKEIZS %
T EFTICHTEHESRABEDOANEZE I TLE-D
FITMCEZAENTLES ZeAMETHZ, 5K
BWEPHEA, ZD KD BRANEEZ 2 FREE KRR
F5ZeZfES,

B A4 RENCT B4 PR, REEERL .
75 A7 7 ANVDERICBOTIE, FERZEOHE TEK
WEFEXFERTHREEE, X5ICBIBTRX H# 7 7 A L
DFFICOWT HRFEEN - Z L 2 AT 5. £/, A4
BN 204 REE SN YR OREZERDOHEY
FICRH T 5.

BE X

1] : ASCILjp : X RFHEMDL L DD THI - TEE
70, FEBITE B Twitter DY X 27 205, https:
//ascii.jp/elem/000/001/986/1986733/. (Accessed
on 12/15/2020).

[2] : MeCab: Yet Another Part-of-Speech and Morpholog-
ical Analyzer, https://taku910.github.io/mecab/.
(Accessed on 01/20/2021).

(© 2021 Information Processing Society of Japan

[4]

8]
[9]

[10]

[11]

[12]

tionary based on the language resources on the
Web for mecab-ipadic, https://github.com/neologd/
mecab-ipadic-neologd. (Accessed on 01/20/2021).
: We need to stop making mental
look cool on social media - i-D,
//i-d.vice.com/en_uk/article/a35de4d/

illness
https:

we-need-to-stop-making-mental-illness-look-cool-on-socie

(Accessed on 01/04/2021).

o CRE - #NTE) FETETHRKERL Lo, WA
o C“IMFANKE” 20019F 6 A3 H) - =FHA4 b
—a—XA, https://www.excite.co.jp/news/article/
Jprime_15273/. (Accessed on 12/15/2020).

C TXUANT B VS BERE SN TE b, HHRIE
Difigs (B =) — B Y 22 — 334t (1/3), https:
//gendai.ismedia.jp/articles/-/54238. (Accessed
on 12/16,/2020).

TARMDLL WTRED 27 IHD B DRS LA — T
221 PRIME — BUEEEA V74 ¥ — RiF= 2 — 20H
HHE | https://toyokeizai.net/articles/-/319675.
(Accessed on 01/20/2021).

C RV EAANILA -5 B ANRDSERI, https:
//mevius.5ch.net/utu/. (Accessed on 12/09/2020).

X\ 7.jp, https://menhera.jp/. (Accessed on
01/20,/2021).

P RYANT R (RUAT ) [HEERRE] - —a=aKH
%l, https://dic.nicovideo.jp/a/%E3%83%A1%E3%83%
B3%E3%83%98%E3%83%A9. (Accessed on 12/15/2020).

TR FA ZXT7v 7 - THRAPDWVLY
& 13fi %> - Powered by LINE, https://lineblog.me/
ezakibisuko/archives/12337428.html. (Accessed on
12/16/2020).

s AN RID 2 241, https://cocooru.com/.



BIRUEF MRS
IPSJ SIG Technical Report

(16]

(21]

24]

[25]

(Accessed on 01/21/2021).

: PATE-FEREETEE, https://weibo.com. (Accessed on
01/21/2021).

Anna Gradin Franzén, L. G.: The beauty of blood? Self-
injury and ambivalence in an Internet community, Jour-
nal of Youth Studies, No. 14, pp. 279-294 (2011).
Coppersmith, G., Dredze, M. and Harman, C.: Quan-
tifying Mental Health Signals in Twitter, Proceedings
of the Workshop on Computational Linguistics and
Clinical Psychology: From Linguistic Signal to Clin-
ical Reality, Baltimore, Maryland, USA, Association
for Computational Linguistics, pp. 51-60 (online), DOI:
10.3115/v1/W14-3207 (2014).

Coppersmith, G., Dredze, M., Harman, C. and Holling-
shead, K.: From ADHD to SAD: Analyzing the
Language of Mental Health on Twitter through Self-
Reported Diagnoses, Proceedings of the 2nd Workshop
on Computational Linguistics and Clinical Psychology:
From Linguistic Signal to Clinical Reality, Denver, Col-
orado, Association for Computational Linguistics, pp. 1
10 (online), DOI: 10.3115/v1/W15-1201 (2015).
Coppersmith G, Harman C, D. M.: Measuring Post
Traumatic Stress Disorder in Twitter, ICWSM (2014).
Cruwys T, G. S.: “Depression is who I am” : Mental
illness identity, stigma and wellbeing, BMC' Psychiatry,
Vol. 49, No. 14, p. 137 (2014).

Daniel Preotiuc-Pietro, M. S. H. A. S. and Ungar, L.:
Mental Illness Detection at the World Well-Being Project
for the CLPsych 2015 Shared Task, Proceedings of the
2nd Workshop on Computational Linguistics and Clin-
ical Psychology: From Linguistic Signal to Clinical Re-
ality, Association for Computational Linguistics, pp. 40—
45 (online), DOI: 10.3115/v1/W15-1205 (2015).

Elvis Saravia, Chun-Hao Chang, R. J. D. L. Y.-
S. C.: MIDAS: Mental illness detection and analy-
sis via social media., 2016 IEEE/ACM International
Conference on Advances in Social Networks Analysis
and Mining (ASONAM), pp. 1418-1421 (online), DOI:
10.1109/ASONAM.2016.7752434 (2016).

Hao, B., Li, L., Li, A. and Zhu, T.: Predicting Mental
Health Status on Social Media, Cross-Cultural Design.
Cultural Differences in Everyday Life (Rau, P. L. P.,
ed.), Berlin, Heidelberg, Springer Berlin Heidelberg, pp.
101-110 (2013).

MARBE . BETAOHRY Y. MEICETOFEE
EI L) HED, HAFRE (2009).

Mikolov, T., Chen, K., Corrado, G. and Dean, J.: Ef-
ficient Estimation of Word Representations in Vector
Space, 1st International Conference on Learning Repre-
sentations, ICLR 2013, Scottsdale, Arizona, USA, May
2-4, 2018, Workshop Track Proceedings (Bengio, Y. and
LeCun, Y., eds.) (2013).

Mikolov, T., Sutskever, 1., Chen, K., Corrado,
G. S. and Dean, J.: Distributed Representations
of Words and Phrases and their Compositionality,
Advances in Neural Information Processing Sys-
tems (Burges, C. J. C., Bottou, L., Welling, M.,
Ghahramani, Z. and Weinberger, K. Q., eds.), Vol. 26,
Cwran  Associates, Inc., pp. 3111-3119 (online),
available  from  (http://papers.nips.cc/paper/5021-
distributed-representations-of-words-and-phrases-and-
their-compositionality.pdf) (2013).

Mikolov, T., Yih, W.-t. and Zweig, G.: Linguis-
tic Regularities in Continuous Space Word Repre-
sentations, Proceedings of the 2013 Conference of

(© 2021 Information Processing Society of Japan

[26]

[28]

[29]

Vol.2021-IS-155 No.5
2021/3/8

the North American Chapter of the Association for
Computational Linguistics: Human Language Tech-
nologies, Atlanta, Georgia, Association for Computa-
tional Linguistics, pp. 746-751 (online), available from
(https://www.aclweb.org/anthology /N13-1090) (2013).
Mitchell, M., Hollingshead, K. and Coppersmith, G.:
Quantifying the Language of Schizophrenia in Social Me-
dia, Proceedings of the 2nd Workshop on Computa-
tional Linguistics and Clinical Psychology: From Lin-
guistic Signal to Clinical Reality, Denver, Colorado,
Association for Computational Linguistics, pp. 11-20
(2015).

Pedersen, T.: Screening Twitter Users for Depression
and PTSD with Lexical Decision Lists, Proceedings of
the 2nd Workshop on Computational Linguistics and
Clinical Psychology: From Linguistic Signal to Clini-
cal Reality, Denver, Colorado, Association for Computa-
tional Linguistics, pp. 46-53 (2015).

Schwartz, H. A., Eichstaedt, J., Kern, M. L., Park,
G., Sap, M., Stillwell, D., Kosinski, M. and Ungar,
L.: Towards Assessing Changes in Degree of Depres-
sion through Facebook, Proceedings of the Workshop
on Computational Linguistics and Clinical Psychology:
From Linguistic Signal to Clinical Reality, Association
for Computational Linguistics, pp. 118-125 (2014).
Shen, T., Jia, J., Shen, G., Feng, F., He, X., Luan, H.,
Tang, J., Tiropanis, T., Chua, T.-S. and Hall, W.: Cross-
Domain Depression Detection via Harvesting Social Me-
dia, Proceedings of the Twenty-Seventh International
Joint Conference on Artificial Intelligence, IJCAI-18,
International Joint Conferences on Artificial Intelligence
Organization, pp. 1611-1617 (online), DOL: 10.24963/ij-
cai.2018/223 (2018).

Takahiro Baba, Kensuke Baba, D. I.: Detecting Mental
Health Illness Using Short Comments, AINA 2019: Ad-
vanced Information Networking and Applications, pp.
265-271 (2019).

Young, R., S. N. G. R. e. a.: Why alternative teenagers
self-harm: exploring the link between non-suicidal self-
injury, attempted suicide and adolescent identity., BMC
Psychiatry, Vol. 49, No. 14, p. 137 (2014).

BHMM: X AFHR—b A POXEDY T AKX~
FRITIC & B “Xo~Z” O EE, HliBERY (2020).
BHNE: 4T 2T70FRay ZNY RIOLBES 22T
BEDT AT YT 47 4 B, HAGEREH AR
Z, No. 9, pp. 73-116 (2017).

MIBRFE: “XRVREAANLR - Z5 20" BERT S -H
W FREZNRE LMMIFE L D -, BEHBKRERL
E, Vol. 49, pp. 197-216 (2017).

MIFRZE: ZLFRFED “RV BNV - RF5 277 {#
HrERE—EEHE (SOC : Sense of Coherence), fH1:7m
X, HHEHEARERFRE (2018).

IR RE: ZFRFPEICBIFE “XVEXAANLR - X5
77 O - BEEBGROFREDI S DERE -, BE
%, Vol. 13, pp. 131-144 (2019).

EHET AR BANODEER R & ZE R OB 2
BAFATINCRUE S5, =Y F VU 7 1 W%, Vol. 23,
No. 1, pp. 13-28 (4> Z 4 ~), DOI: 10.2132/personal-
ity.23.13 (2014).



