TR AV 2=V RI Y L] 20205E12 7

FTEARZERESE O—/\R]
XARIEBEEEIR DA A E D < ERZER
SE TE (AIEEWEF a— < RERELS5—)
M % (BEAZ NEE2EH)

WA DN 72 W BLEEIC DWW TR 2 ED DI H 720, HiGh « FEFRAICHE Uﬁﬁ{ﬂ%hfﬁ“é&?ﬁﬁ?
ROHNTWS. ITF, BIRSTELE O3B CHIEHOIAL DN EAIZR Y, BEEED HELEIC
RHRY MVEMNGTDHZ LT HGEE - FEROELE L ET D TSR G R OIAS ODEZFWI»)
WeSZ L7z, ABFZE T 220 (EREBIBEOBREED TEFEMFH ARG Y = 7 a— "X ] OFEFIFEET V&2
FEERICHSIEEL, HBOEEZENFEINTWD [THAZERS o — 2] 12 IR EFEHE DA
HuAE LT, ARRTIE, SURMEBEFEHOIAZICE S BEBRZEMICL Y, FHEEICHLTED L H 2
WFFEMMTE DMV THETT 5.

Distributional Semantics for “Corpus of Historical Japanese”

Based on Contextual Word Embeddings
ASAHARA Masayuki (National Institute for Japanese Language and Linguistics, Japan)
KATO Sachi (Mejiro University)

Because introspection is not effective for the analysis of ancient languages, a technique to syntactically and
semantically present the word similarities is required. Recently, researches on word embeddings have been
conducted in the field of natural language processing, and the technique of “contextual word embeddings” has
been established to assign a different word vector for each word token. The contextual word embeddings enable
us to calculate the cosine between two word (or sentence) tokens that define syntactic and semantic similarities.
We developed a pre-training model of BERT based on lexemes from the 22 billion token “NINJAL Web Japanese
Corpus” and assigned contextual word vectors on the “Corpus of Historical Japanese” using common lexeme
standards. This study explored the effect of contextual word embeddings on historical linguistic studies.
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Figure 1. Visualization of WLSP number 2.3100 Verbal-Action-Language-Linguistic Activity
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Figure 2 Distribution of Sentence Vectors for “Genji Monogatari”
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