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A Machine Learning Method for Predicting Mahjong Tile
Combinations

Daimu Ozaki Reijer Grimbergen

Abstract: Since AlphaGo Zero, it has become possible to make strong game playing programs without the
need for game specific features. On the other hand, creating human—like game play or strong game
playing programs for imperfect information games are research topics that are on the rise. In this
work, our goal is to build a neural network that can predict which Mahjong tile combinations other
players are aiming for by using the information of discarded tiles. Using the data from Mahjong games
of human players as input to the network, we used the LSTM model for prediction, leading to Mahjong
tile combinations and their probabilities as the output of the network. However, in our current
experiments we have not been able to confirm a significant difference in the probabilities. Finding the
cause for these results will be our next aim.
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