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Gradient Boosting Tree (GBT)
XGBoost

LightGBM

Adaboost

Random Forest (RF)

Support Vector Machine (SVM)
Naive Bayes (NB)

k-Nearest Neighbor (kNN)
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e EAeE HEE  FlIE AUC
kNN 81.9 59.0 57.9 57.4 73.1
AdaBoost 83.2 64.7 49.7 55.9 70.9
RF 83.3 65.5 493 55.0 70.9
XGBoost 83.1 64.6 49 4 54.7 70.8
NB 82.3 61.5 50.4 54.1 70.6
GBT 83.2 65.1 48.7 54.4 70.6
LightGBM 83.2 65.3 48.0 54.2 70.4
SVM 78.8 0.0 0.0 0.0 50.0
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