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Case Studies of Learning Analytics in University Education
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Abstract: Recent years, educatioal use of information and communication technologies (ICTs) has spread
widely in schools. New pradigms are expected for improving education and learning based on data-driven
approaches. Educational big data is collected via learning support systems. Various information processing
technologies are applied to analyze the teaching and learning logs, and effective feedbacks are given to teachers
and students. This paper introduces advanced case studies of learning analytics in university education.
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Table 1 History of learning analytics in Kyushu University.
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Fig. 1 Overview of learning support using learning logs.
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Fig. 4 Anormaly detection results during a lecture.
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