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Software to Support Layout and Data Collection
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Abstract: There have been many studies of gesture recognition by combining real-world sensor and machine
learning. It is important to consider the sensor layout because the measurement result varies depending on
the layout and the motion. However, it takes time and effort to find a sensor layout that has high identifica-
tion accuracy and to acquire learning data. In this study, we developed software that can arrange real-world
sensors. The software measures the distance between the sensors and a mesh created from measurements of
real-world deformation and generates the classifier. We created physical devices and recognize gestures by

using generated classifier.
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Fig. 1 Flow of our system.
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Fig. 2 Overview of developed software.
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