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800.0 757.3

598.2

490.1
500.0 454.8
399.0

221.0

156.8
2000 134.3

Write Throughput [op/s

100.0 80.9 51.7 43.6
0.0 —
8 24 72 144
Number of Requesters

5 Write AV —7v b [op/s].

mNI>P100 ®mAWS->S3 mNII->S3

2500.0
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2 2000.0 1880.1
k=) 1645.9
2 1500.0 1400.1
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3
'_E 1000.0 830.1
° 560. 2482 6
o 500.0
/4 98 9170.5

0.0
144
Numberof Requesters

B 7 Read A)V—7v k [op/s].

K2 Avv—V VI HBOFHERE.
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VCPU 8
AEY 32GiB
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MQTT ~X— AT Android ¥+ VY fllitiKHI 714 7 >
NoATZVNRAEELTWD, MHERHFSAIE N &
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A=Y T HAEOF ML AWS WTHEML 7. K212
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9 ¥ ¥ 10 iZ Kafka & Mosquitto @ Write Z)L—7»
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