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In our previous paper, we have described the approach that aims at the relations of term
co-occurrence into a given text set, classifies the set of the term pairs using self-organizing map,
extracts automatically the conceptual relationship for a cluster, and then displays visually it.

The information search mechanisms provided by the World Wide Web (WWW) are based on
keyword searching by WWW robots such as the Yahoo server etc. and information browsing
by browsers such as the Netscape etc.. We must however solve some significant problems that a
set of keyword search results is too many or we could not enoughly correspond to dynamically
increasing and changing information on the Web.

In this paper, our proposed approach attempts to provide an alternative concept-based clus-
tering and searching capbility for WWW servers based on a self-organizing map algorithm and
automated knowledge acquisition algorithms. First the content of Web documents is classified
by using a clustering algorithm employing the self-organizing feature map. The category hi-
erarchies created could improve Web keyword searching and/or browsing. This process could
also be used to develop intelligent agents for more efficient and optimal client based search of
relevant Web information.
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