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Tsume-Shogi problem composition using
evolutionary computation
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Abstract: With the development of artificial intelligence, the ability to solve various logic puzzle problems without
human knowledge is improving year by year. However, creating puzzle problems is a more difficult task than
answering because there is no single solution and it is difficult to evaluate the created problem. In this paper, we focus
on the chess shogi, which is thought to be difficult to create due to the nature of the puzzles problem. The expert uses
the information on shorter-move mates or incomplete mates in composition. Based on this idea, we propose a method
to compose longer-move mates by optimizing the board conversion by using a genetic algorithm, which is one of the
evolutionary computation methods. As a result of the experiment, it was confirmed that 31-move mate can be
generated.
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