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Abstract: With the increase of digital advertising and the improvement of targeting accuracy, the demand
for advertisements (hereinafter referred to as creatives) is increasing. However, because of its large quantity,
human hands are not sufficient to satisfy this demand. Also, even if generating creatives automatically,
commonly used natural language generation approaches such as template-based and sequence-to-sequence
(Seq2Seq)-based approaches do not explicitly consider the effects of generated creatives. To solve this prob-
lem, we propose Seq2Seq-based methods that can take into account the effects of creatives as a reward of the
reinforcement learning approach. In this paper, we investigated the effectiveness of automatically generated
creatives by comparing the conventional and our proposed methods on various domains of advertisements.
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