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K1 T—REY FDNRT A=K
Number of Driver

15 people

15 rounds
1,2,4,5,7,8, 10,
11, 13, 14th rounds

3, 6,9, 12, 15th rounds

Number of Round per Driver

Test data

Training Data

Distance of Course 400m
Sampling Rate 200Hz
Resampling Rate 20Hz
Window size 128
Sliding size 16
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£ 2 RNN DHEBETLDNAIN—NFT A =X

Hyper Parameters Model 1 | Model 2 | Model 3 | Model 4
Window size 128 128 128 128
Sliding size 16 16 16 16
1st LSTM Units 100 200 200 100
2nd LSTM Units 100 200 100 50
3rd LSTM Units - - 50 100
Classifier Accuracy 54.2 59.0 54.2 55.9
Identification Accuracy 98.0 98.7 98.0 97.3
Rank 2 1 3 4

[ 'centification
[ Classifier

Accuracy [%]

No Filter With Filter

3 TANVREHEGLUIZETIVOIEMRER

£ 3 BID RNN DHEHBETILDONALN=NRF A —X

Hyper Parameters | Model 2 (No Filter) | Model 2 | Model 5
Window size 128 128 128
Sliding size 16 16 16
1st LSTM Units 200 200 200
2nd LSTM Units 200 200 200
3rd LSTM Units - - 200
Classifier Acc 59.0 72.9 74.2
Accuracy 98.7 99.3 99.3
Rank 3 2 1
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Accuracy [%]

I centification | |
- Classifier

13 Drivers 5 Drivers

4 FERRERIIDIEMR

£ 4 _fEPEEOTIL D) X LI

Algorithm Accuracy (%)
Logistic Regression 90.7
Cubic SVM 92.5
Weighted k-NN 93.8
Bagged Trees 92.3

&5 5 AV T T -ty M X DIHEHEBRIOERTTS

Impostor | Registered Driver
Impostor 766 34
Registered Driver 41 359

3.3 FEFFE DR
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xR 6 5 ANV T T Xty M & D FERERE DT
precision | recall
Impostor 94.9% 95.8% 95.3%
Registered Driver 91.3% 89.8% 90.5%

F-measure

R 7T 13 ANV TF—X v M & BRI O
precision | recall
Impostor 89.2% 86.7% 87.9%
Registered Driver 96.9% 97.6% 97.3%

F-measure

£ 8 13 AV 75 —Xtvy MK BEFFERE D
precision | recall
Impostor 89.2% 86.7% 87.9%
Registered Driver 96.9% 97.6% 97.3%

F-measure

presicion X recall (5)
precision + recall
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AFTIE, EIEE O FIE & FRE ORMFIEDR
ExITo 7. BEEHBITIX, BRIIT—X2H S HiF
Bl=a—5V3xy NT—ODEHMHNTHDZ L ERLTZ.
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TOMEE%ETT> T WK,

F-measure =2 x

SE X
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