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Performance evaluations of load balancing algorithms
for mining generalized association rules

Takahiko SHINTANTI! Masaru KITSUREGAVVAJr

One of the most important problems in data mining is discovery of association rules in large
database. We have proposed parallel algorithms and the candidate duplication based load balanc-
ing algorithms for mining generalized association rules with classification hiérarchy.

In this paper, we present the candidate partition based load balancing algorithm and ex-
amine the effectiveness of our algorithms on large scale PC cluster which consists of one hundred
PCs interconnected by an ATM switch. Performance evaluations show that our load balancing

- algorithms are effective for handling skew on large scale parallel system.
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foreach size-k combination of root items z do
Select the minimum node n whose weight is smallest
of all the nodes
C¢:= z and all descendant candidates of =
(CF means the set of candidates allocated to n-th
node)
CW (n) + = weight of =
(CW (n) means the sum of weight of allocated
candidates to n-th node)

end
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