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Text Categorization using Support Vector Machine

HIROYUKI YADA T and KuNiaki UgHARAT

In this paper, we will propose the method to categorize the text data by using Support
Vector Machine (SVM). In order to improve recall and precision of categorization, we will
also propose 3 methods: modification of training set, selection of indexes and completion of
attribute value using Bayesian network. The result of recognition is used as the case base of

- textual CBR.
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#3 Result of Data Tuning.
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