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T—KEv b €TV X#  len(ja) len(en)
IWSLT2017 train 1-to-1 211,152 22.7 23.3
2-to-1 218,775 50.1 25.2

2-to-2 217,523 49.7 50.9

IWSLT2017 dev - 871 28.0 29.4
IWSLT2017 test2010 - 1549 24.5 26.3
BookCorpus 1M 1-to-1 998,871 16.0 16.7
2-to-1 999,380 32.5 16.8

2-to-2 999,237 32.5 33.9
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BookCorpus (& 1M XN 2 K H$ 558 OBUE Z 8. AJ
HE5VFHENDPXIRZ Z2ECHEIXEEX, <CONC>h—2
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*I https://wit3.fbk.eu/mt.php?release=2017-01-trnted

*2 https://github.com/soskek/bookcorpus TARINTWE 2
u—JZHWk.

*3  https://taku910.github.io/mecab/

*4 http://www.statmt.org/moses/

*5  https://github.com/google/sentencepiece
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1-to-1 back-translation 2-to-1 back-translation
BELUHEREIE | 1-to-1  2tol  2-to-2 o2 lto-l  2tol  2-to-2 o2
(oracle ctx) (oracle ctx)
oM 11.05 11.27 11.76 12.34 - - - -
0.5M 11.88 12.46 12.24 12.75 11.45 11.62 12.28 12.62
1M 12.06 12.49 *12.84 13.21 11.41 *12.60 *12.82 13.24
2M 12.35 12.40 *13.30 13.69 11.96 *12.96 *13.33 13.69
6M 11.60 *12.91 12.46 13.08 11.83 *12.97 *12.91 13.31
% 2 BLEU IZ X 2 %WHHERE 7V, JERHERE 7V, SEMEBELURER 2 — /S 2 8IZ K3 2 FHERKE
M. 2-to-2 oracle ctx & 2-to-2 D F A MRHZHISFEMO R 2 LT, EFIVH
ABIRLZ 1 ATy THiOEE X Tk, EfT —XdhoxXiwRse (47 2V i)
L2 GAOMR. KFEETNVEETE URLOTEIR T — AR %2 E R 256 1CRED
BROHOD. *EHEUBRRE T LD 1-to-1 OEAKEE & K U THREHNARERED Y
(2-to-1 & 2-t0-2 IZ DV T D AFLH).
1-to-1 back-translation 2-to-1 back-translation
BELUAREI | 1tol  2tol  2to-2 Zto-2 ltol  2tol 202 Zto-2
(oracle ctx) (oracle ctx)
0k 0.6723 0.6581 0.6699 0.6737 0.6656 0.6651 0.6679 0.6728
0.5M 0.6762 0.6770 0.6688 0.6795 0.6752 0.6778 0.6821 0.6853
1M 0.6790 0.6792 0.6807 0.6871 0.6766 0.6808 0.6826 0.6956
2M 0.6789 0.6776 0.6848 0.6932 0.6856 0.6844 0.6874 0.6945
6M 0.6786 0.6833 0.6768 0.6831 0.6829 0.6899 0.6849 0.6914
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EEET - XITEMU 7256 ONEFIER ORI 2 Lhig U 72.
WEEROKERE (BLEU) & 1-to-1 23 12.5, 2-to-1 2¥12.9 T
& > 7z. BookCorpus D#HFHERITE — L8 1 X5 D — L4
F—FIZLDiTo 7.

EBMER DFFRE TV 1% 1-to-1, 2-to-1, 2-to-2 D 3 D%k
B U7z, 8T — XX IWSLT2017 D% 5 — &2 Book-
Corpus DEEUHER I =N A Z MR DTH H, Al
FRa— " ZoEMEE 0 GEMZAL), 500k, 1M, 2M, 6M
D5 EMTESETHELZ., T A MEORERIZE — 4
YA AX8DE =LY —FIZLkDiTo7.

ETOMMRETVIZIBVWTITOXHEAMERE L
U T Transformer [12] % i\ 7z. 2512 1% Tensorflow™®
(ver.1.12.0) Z 7z, Transformer DT> I —X, 72—
Rigfize@e L, EF YA 5129050, 74— K7+
7 — RJE I 2048 IRTE & U7z, BoBb T Adam [13] %

A7z, ZERF[12] 12/, FHAT Y 7RI U TE
fbxd7z. F£7z, Ny FH¥ A Xk 1-to-1 1% 256, 2-to-1 I&
128 & L 7.

BEWEIER € 7V D FEM 12 13 BLEU [14] & RIBES [15] %
Fw7z. BLEU I Mose toolkit {5J&® multi-bleu.perl T,
RIBES IZE& 5 DEA L TWEAZ Y T MTT, TNEH
HIE U 7=,

4.2 #ER

IEFHER OBIFRAEE D BLEU & RIBES[15] (2 & % #Hili & %
nNENE2, 31ITMT. KHD 2-to-2 (oracle ctx) iF, 2-to-2
DFANIBWTHWSEEMOXRXE LTETFILVHED
HHTIREL T AT — R DEMIR ZHH L 2540
MRETH D, 2-to-2 DMERED LERIZHH% T 5. BLEU (L&
BZIHMETIERTDEFIIZBWTRLS R — S 2 % %8
IZHWA Z ol EAE SNz, 272U 2-to-1 DS D
EFNTIFELTRT — R ADEMN 2M 75 6M 12725 &
WOZHEREDWME R 28R E oz, $£72, BRLEEF—X
WX BMREM B S BT T AT, XREMS Z &
W2 & BMRER ESHER I vz, 2-to-1 DWEHER CARR L 7=
FEAUSER 3 — R AU & 0 HRE RERHER 2175 Z & T, B
BUER 2 — XA % FHW 2 W SCEALOFHER & I U T, 2-to-1
THOK 1.92, 2-to-2 THK 2.28 D BLEU O&ENE SN

*6 https://www.tensorflow.org/
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*7 http://www.kecl.ntt.co.jp/icl/lirg/ribes/
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2M pseudo data

Context WA D 20 REWERL D TURBENIFIDOAERZRD > EREITHENTWELE
Source DHREPMELREERL £ LD TRIBILHERL W EREITEN 5] &
ZORILE> TR BRELENETCVELE
Reference she often cried in our sessions, but then would collect herself by saying,
“You can’t pick your family, but you can pick your friends.”
Ltol I’ve had tears in my doctor’s office, and I've said, “I don’t have
a family, but I've got a friend,” and I calmed down every time .
1-to-1 I cried a lot during my examination, but every time I said, “I can’t

choose a family, but I can choose a friend,” I said calmly.

2-to-2

during my diagnosis, I ran a lot of tears, and I said, “No family can choose,”

but every time I said, “I can choose a friend,” I kind of calmed down.

2-to-2
2M pseudo data

she cried many times during her examination, but each time she said,

“I can’t ¢ a family, but I can choose a friend,” she said calmly.
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