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1 current_population < generate random population
» repeat
s Z + elite of current_population
+  while |Z| # |current_population| do
5 Py ,P, + select two parents with rank selection
6 if crossover probability then
7 01,04 < crossover P;,P»

8 else

9 01,05 « P1,P

10 mutate O, and Oy

u fp = min(fitness(Py),fitness(Pz))

1 fo = min(fitness(Oy), fitness(0z))

15 lp = length(Py) + length(Ps)

" lo = length(O1) + length(O2)

15 T = best individual of current_population
16 iffo<fpv(fo=fp/\l0§lp) then

it for O in {01,02} do

18 if length(O) < 2 x length(Tg) then
19 Z <+ ZU {O}

0 else

21 Z(—ZU{Pl ()I'PQ}

2 else

23 Z <+ ZU {Pl,Pz}

u  current_population < Z
»s until solution found or maximum resources spent
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#£1 EBREITO DWET L

TN RNTRAUH FEE
LeNet 62K 74. 9%
ResNet 470K 92. 3%
pureCNN  1.4M 88. 8%
DenseNet 850K 94. 7%
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1 57. 0% 21. 9%
LeNet 3 94. 6% 64. 3%

5 98. 2% 78. 0%

1 26. 2% 0. 80%
ResNet 3 64. Th 27. %

5 81. 0% 45. 5%

1 8. 08 1. 15%
PureCNN 3 48. 5% 10. 1%

5 65. 1% 19. 0%

1 20. 1% 4. 04%
DenseNet 3 69. 5% 25. 1%

5 72. 1% 30. 5%
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