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Fig.1 Law attenuation area in the lung
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Fig. 2 Learning curves of the extraction system
for learning data

2) OfRFEEE Y 2t 2 ¢ AlexNet & FHU
72 DCNN 2 L W 528 247 5. 28T — 2 13y
Efgzx LT, RE\EGRIFEZNLSND 47 T
AG|ELTE T ITET>TVWAD., Lcno
THIE LR OB AL 4 2=y bORERK L
LTWa. ZO%FEE Figl3 IZR7#0, 99%LL
FOFERBENHTEY, 7 A2 MEBIZK LT
t 9BWFEL DFGE THIHA FREL 72 > T D.

3) @ CT S MmOR L, —MA7Z2E R
XY fiErsEk A L, ZOWNEO CT iz
HEY, A EAERT D, Figd ([T, R
KB EG I LT, A E~ R 7 ThiE
L7295 2T CTEOGMBER I, HAhsiT
WHZ LMD, ZOREREHIZ LT Goddard
B X D IRRERHIIX T CIZABE L 72 o TNV D,

2-42

—

—iRE

\UAV
1 it \‘B‘,Ll 41 51 6 71 8 91 lepoch]

Fig.3 Learning curves of the classification system
for three representative lung CT images
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Fig.4 Probability distribution of CT values for
representative lung CT images
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