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Social Touch Detection from Video with Deep Learning

Abstract: Social touch plays an important role in communication between people. We assume a care scene
where caregivers use social touch a lot, and We have developed a method that detects touch between their
left and right hands while working and a care receiver’s body, and furthermore, evaluates whether they’re
touching, and if so, which part of care receiver’s body they’re touching. As details of the proposed method,
semantic segmentation images for recognition caregivers, semantic segmentation images for recognition care
receivers, and optical flow images are generated from frame images by using camera installed on a ceiling,
and input them to CNN for detection touch. By doing this, this system detects contact between their hand
and body.We prepare a method to input only camera frame images to CNN as baseline and compare it with
proposal methods.While the accuracy of the baseline method was 52.8%, the accuracy was improved to 61.8%
by the proposed method.

Keywords: convolutional neural network, action recognition
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