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Abstract: We propose automatic query expansion for document classification based on association analysis
with term weights. In document classification, it is difficult to classify document with a few terms. Au-
tomatic query expansion based on association analysis improves document retrieval performance by adding
terms with high relevance to the query terms. However, terms with high relevance to the query terms does
not always characterize correct class. Moreover, relevance between terms can be inappropriate in the conven-
tional association analysis because term weights are not considered. For each of these problem, we propose
two approaches. (1) we apply association analysis to each document set divided by class and add terms with
high relevance to the query terms in the estimated class. (2) we use term weights in calculation of relevance
between terms. The experimental result shows that the proposed method improves classification performance
in some datasets and use of term weights improves classification performance in many settings of threshold
of degree of relevance.
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