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Proposal of Model Inferring Diffusion Status of Hoaxes
Based on Phrases in Tweets

Abstract: Information can be spread easily in SNS (Social ) community. This also means that hoaxes like
disinformation or misinformation are spread easily. Hoaxes become famous as a social problem because their
information can affect not only SNS users but also public. However, they are generated continuously. Our
purpose is to obtain the knowledge on reduce generating or spreading hoaxes through investigating when
hoaxes are generated and how hoaxes become popular or unpopular. In this paper, we focused on phrases
in tweets and proposed a model which infers diffusion status of hoaxes combining phrases with posting
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Fig. 1 Procedure of the proposed method
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Fig. 2 Partial prediction distributions of F'1 dataset
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Fig. 3 Partial prediction distributions of N1 dataset

ER L7 PRI ADO—HEZE 2, 3, 4 ITENEFNRT. &
75 7 DREEHD new x (FHi 7= T — XBELEBAO I T T
VR L, #0770 OMEREE Pred(new_x|p) %
KT, F2ET T 7BV, I U THEREN SR
D p FNBNZ, T—ZEy NNDRIIDY A — b+ DEFHE
R 5 DRGER ] R ORGER R AIC BRI nzy 1 — b
O ERA MVIZENE NG L 7.

Fl oIz 7RAL2LKT %L,
Pred(new_zlp = 0.1) DIHKRAE 2¢ % R\ TR D #%
BIZONTEHAM, $H8bb AT TVEDLVARNAT
A RLUTWVWRDODVERTES, £/7—XEy b NLHD
HWT—XORKPIIEH DO AT TVEHB 0 Th-72720,
X 3a, 3b D& I TFHIDHDHERBEDMEMRETD p i
HLUTOIZHoTWS., T—Xky b N2»SERLAET
WAL, FEVCKETIZEREINZT - THo7720
Il & DY 1 — M EAD IR, Pred(new_z|p) DA
0 LD RELLBEDDVRL N,

TIVA = DOFR/AZRLUTNDBX 2 LEEY 1 —
FOFRAMERLTWAEE 3 RUE 4 2T 2 &,
7 N DFEEIZ BT —E ORI 50 fFBL oy
A — NTFAET BRI Pred(new_z|p) DERKENE DH
HELTWADIZH LT, B@EOFHETIEETD p It

(© 2019 Information Processing Society of Japan

4: T—REv b N2 OFHH4D—H
Fig. 4 Partial prediction distributions of N2 dataset
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