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On a Method for Extracting More Shouting Tweets from Twitter
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Abstract: On Twitter, one of microblog services, shouting tweets like “Our national soccer team wooooon!”
and “Stoooop it!!!” are often used in order to express a sudden emotional effusion. In some previous studies,
methods for identifying word lengthening in tweets and transforming them into their original expressions
have been proposed so that a variety of existing lexicons and dictionaries can be available. In other previous
studies, methods for extracting shouting tweets from Twitter and detecting a huge change of emotions of the
users who posted the tweets have been proposed. In these studies, however, what kinds of word lengthening
should be detected is not considered very deeply. They have used comparatively simple regular expressions to
extract shouting tweets from Twitter. This paper, therefore, proposes six regular expressions to extract more
shouting tweets from Twitter, and shows effectiveness of the regular expressions by calculating extraction
ratio of shouting tweets and accuracy on extraction of the shouting tweets.

Keywords: Twitter, word lengthening, Akira Nakamura’s basic emotions

FIZBER SN TR ncw, RRERMAT P HAR M O

XA TaTD 1 DOTHAS Twitter T, 2258 % &
BORFZHEERT 2012, V14— bO—F8 ROk
T, BERERY) 2V ESTIET, THARD -2 5
] R [ZNERPOT~~——] O L) Zlz RIS 5
ZEWHAH, ZOL) MEERIL, 2L AEDOHE,

T TR
Chiba Institute of Technology, Narashino, Chiba 275-0016,
Japan

2)  kumamoto@net.it-chiba.ac.jp

© 2019 Information Processing Society of Japan

BHHE Vo2& T XA MO E LD, 2010
JATRRZE [1], [2] TUE, VA — b OMBEI L S 7255 %
R (WRERRZ & F 2WERH) K& lT 52 LT, %
HFOMALGHEZFHTEL L) ICT 20D FEIRE
ENTWD, —7J5, My f— b (MHRFRRZ &Gty 1 —
N R L, BREOEEORE LB EZRIMT 5 & v
S HEZE [3], [4] MY £ — F &2 ) ThWY £ — N TR
JBERAED X )RR B h%E5H L2 [5] biTh
NThHH, MEERHIZE L TikA 25 ThhTwnb 2



IEIRNIBFSH/NEE T —2~N—X Vol.12 No.1

EWGD 5.

L2 Lads, WTNOMEIZBWTH, Hf L sl
WERBIOFEHIZOWTIEH TV EIFT SN TELT, [
B HLAE 2 IEBLFRBUC X ) MR RE R Wy f — b DA
i ShTwiz, 22 TR TIE, EHASOFHE2] T
HAWHNTWZIERER AR, 0% < OfEO M
FIITHIDTEAL LT AHE LB, RETFFEICL AN
Wy 4 — F OFNLEGCHILEE 25T 46 2 £ T, 20
FHREZ WREET 5.

UTFICAT oK EZRY. £9, 2 BCTHMEMEIC
W, REXOFMMEE/RT. RIZ, 3 #T Twitter
oV A= bEPEL, &S OFEE 2] & Hv Ty
A= TtEAHT5EE b1, 4 BECTHIREHCTE W EH
EINTZIA = FNEmaitL, Fioelbgy £ — b 2t
L0 IEMEREZIRET L., &6, 5 WTREFEK
LB WY A — b O EI S SRS AR L, EHS
DFFE2] LIRBIET, ZOFMEELRAET 5. &K
12, 6 BTARHILDE LD LAHEOFHEIZOWTIHERS,

2. FEME

FATHRZE (1], [2] TIE, ¥ A — b OUpRFEIL S 78855
ZIEBB AR S 220 OFEFRESINT VD, 728 R
\¥, Brody 513, ¥EFEDO Y A — M EXFIZ, HFEO—RH
3 MDA LAY K E 7z [niitice| R [realllly | @ & 9 7 i
FHEBE L, IEHE (Tnicel % [reallyl) (2239 5T
HEERREL TS (1], EHH1E, HRFEO Y A — F &4
2, MURES3OU LYV RENT: [Dbdbodbdbbdd]
R Mhtvvnnnn] X)) ZURER 2B L, 1E#H
B (obd] 2 [hirwv]) IZEBETL2FHEELREL TV
% [2].

—J7, WEyY 4 — b2 T 52 LT, HREOKIED
KREGBZALZHRANTHEVIIIGE[3], 4] bHDH. 72L& 2
i, BESIE, HEREOY A= 2006l sy
D5 P EDO#EL S LIFEES [ 1] o7 DL ED#:E
LEME T2 28T, MEBEDOREIGRECENTY A —
N EWEE (F 5 0.786) CTHliliCTE 5 2 L&/RLTW
5 (3], ARSI, =3 = aBYEIIEF ST 2 58 S
IR LR S N3 2 v M HIEERH OEREE 2 &T) 2
HARFEXTO 3R EO#R L, Y EREPICHEE S
IAVMEMEL, YR IRZ I (SVM) 1ZxHT
LEWELTHHT A2 LT, 2O8MEIM OIS (cute,
sorrow, cheerful, fresh, cool, aggressive, darkness) % It
BB RERE (FDG5) F4H 0.535~0.758) THEETE 52
EERRLTVD [4].

F72, VA — bo—fEMRES LT LICXY, v
A= "D ZIFAANRBED X ) IZELT 0% 5 L7z
WE 5] bbb, 72 2L, B 2!—‘ , MRAZEHL (SRR
DEHFREE, il EOR L) 250GV 1 — FOHIZR L

© 2019 Information Processing Society of Japan

1-5 (Jan. 2019)

Mpa g B 2 AL L 722 4 — F DEI% % 267 AD Twitter
=BT BT v — MREICEDWTHN, Fokk
F, WRERFILIC LD, (1) 20/8Tid T8 2550 < 2 5,
(2) 30 L TIFEIZRIIE D S 42V, (3) 408 TIE [ &
(B2 L] 258 2 b b voal &% (4) BT [
vl & TR L] 2 D, (5) KETIRIZIIZED
Lwbkwo/Z EZPHLNIZLTWAS

LALass, WTFNOWEIZBW T, ki iz
ERBRHIN L > TRBETRE LMY f — N O ADXTHR L
oTwWiz, KmLTlE, LVELOMBmERHEZHRETE
B Y IFEBEHZIIET 2 L LB, ZohhibEa &b
WAL, BEFTE (2] L L T 5 S8 L.

3. YA — bPOYE LMY 1 — MO

RETIE, Twitter 25V A — FEIUEL, EIHFSOTF
2] w Ty £ — » 29 5.
KLIRLAEIIZ, 3, 200746 H2H~4 HD
3 HI, Twitter Streaming API % H\» T Twitter 7*5
A= FE2NUEL7:. ZORE, ¥200 HEDY 4 — %L
BT DLIENTERY, ZOoFIEVWDbOELY) YL =1
EIENTVE, YA — MIREREIE TN TV L5E,
ZOF)TFNDY A — FHPWESNTL E ) TR S
V) QEICAT Y PENBENDHL, FIT, UV A=}

IARXY A= I 2IERK) VA — FICEMR R LT &
%hﬂ?é_khbt.ﬁ%,/4—b@ﬁd%nmﬁ@
27 o7z, 208150 DY A — 55 20,000 i D
A=V F 07Ny T rL, ST 2
WY 4 — N2 L7282 A, 212 O Y 1 —
FastlE Sz, HEIEIT 1.06% ) 2 &R B, &
B, EHSIEECHEED 3 BILL Lo L2 NI & %
FLTHBY, R2IRLAEHEHZHRFL TS

=1 My o — NURISE S A PSR
Table 1 Preparatory experiment for collecting shouting

tweets.
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Table 2 Regular expression used in Asai et al.’s method [2].

H{3,}1 {3,319 {3,}1 2{3,3154{3,} 5{3,} »{3,}
543,31 243,31 5{3,}1 7{3,}1 1 {3,} 7{3,}1 ={3,}
[ 443,31 743,31 1 {3,}1 v {3,}1 ={3,} #{3,}
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Table 3 Our proposed regular expressions.
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Table 4 Number of shouting tweets extracted by each method.

g mmEE (%)
IS 0T 2] 5,499 1.18%
REFHE 12,894 2.78%
(#43) +7,395  4+1.59 KA vk

£ 5 HETHEOLIEHICL D ilB SNy £ — ML
Table 5 Number of shouting tweets extracted by each of our

proposed regular expressions.

Mm% whBEs (%)
BEE Ok L 6,617 1.42%
HRlT ORI L 5,589 1.20%
[A] J TA] O 617 0.13%
INE [o] ORERL 554 0.12%
& R ORER L 188 0.04%
“+EERY 103 0.02%
&t 13,668
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Table 6 Accuracy on extraction of shouting tweets by each

regular expression.
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