BIRNIBS ARG FEEEFEEISE Vol.i1 No.3 100-105 (Dec. 2018)

7 — 2 OB 3 < BRI

il g1 FH EiE2

ZftH 2017F5A25H, BRfH 2017F7A14H/2018F1H27H/2018%F4H30A,
#*$3H 20185F9H28H

BE AR T, T BBEEEZHCTT -5y RO OBROBE L LTEREE 2 EHT 5.
F72, 370772 a VIV EDN D ERBEEOEAE Y ILD LKL, INEH- e ERaskiag
ELTIRET A, ILD 3BT — % LIEHE T — vy o2 &b T — 4%y MEHTETH 5.

S—T— KRR, SsOT I =Y Ay, B

Information Loss Index Based on Distance between Data

HIROKO AKIYAMA!®) MASAAKI WADA?

Received: May 25, 2017, Revised: July 14, 2017/January 27, 2018/April 30, 2018,
Accepted: September 28, 2018

Abstract: In this paper, we define information amount of a dataset based on distance between data. The
ratio of the information amount lost by microaggregation is denoted ILD, and we propose ILD as a new index
for measuring information loss. ILD can be applied to datasets consisting of both numeric and non-numeric
attributes.
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