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Research into Using Reinforcement Learning to Reproduce
Human Intuition in a Shogi Mating Problem Solver

Keita Chiba'¥  Reijer Grimbergen”

Abstract: In 2013, a shogi professional was beaten for the first time by a shogi Al in an official match. Also in Go, programs that
are stronger than the best human players have been developed. Because of this, it can be said that for complete information games,
the research into the building of strong Al programs has almost come to an end. However, research into human-like Al has not
finished. It is a difficult problem to build an AI that can select similar moves to human expert players while only considering a
limited amount of positions. Therefore, our research aims at building an Al that makes good move decisions without doing any
search, thereby simulating human intuition. The proposed Al makes move decisions using a trained Policy Network, using
reinforcement learning to improve the times a correct move was selected by the network. For learning, mating situations from
games between Al playing random moves were used. As a result of the training, in about 60% of these random mating positions,
the correct move was selected. However, this did not carry over to proper mating problems, where the proposed method was
outperformed by selecting a checking move randomly.
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