The 23rd Game Programming Workshop 2018

fo—F 4 5 h—KR5F—LIZBITDT Y XERE
I— YV MEEZHELELT:
—a—J)lRry FERAVWEEEETILORE

L BT FIR —ET

BE: f2elfr—20 1 BThH M —F 4 07— FF—ATCO)IE, Fyx(F—2HERTII— Ry
MNET VAP =PRI TE 57 L, BRSO, ZofiAR— FFA—223 W — ABRERETH Y, Ey, X
AL L=V 2 FOEREOMIEICITERSH D EEZDND. AR, B3Nz TCG T, T v FEKL,
Flo—V o NOWBEIZEATIMAEZSEL LR HEEL, TOFE—EMLE LTI XL bNET v Rk
LC=a—F %y NV =2 EHWEEEFE ORI N TEL LT

F—O—F : REEFERT—2 PL—T AT H—RF—b =a—FLxy bT—7 LFH

Consideration of Learning Model with Neural Network to Build
Decks and Develop Agents in Trading Card Game

ATSUHIRO YAMADA™ KAZUSHI AHARA™

Abstract: Trading Card Game (TCG), one of an incomplete information game, has characteristic features. For example, any player
can choose cards they use in their deck. Therefore, it will be significant to study how we obtain a smart or a believable agent. In
this paper, we set goals to gain the knowledge of building decks and developing agent in simplified TCG. As the first step, we
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considered the effectivity of Neural Network by applying that to the games where both players are given random decks.
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Figure 2 Results of competing with Random agent
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Figure 3 Results of competing with Rule based player
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